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found some evidence that larcenies were reduced by nondiscretionary laws
(for example, see the results using the state-level data or the results using
two-stage least squares), but I chose to emphasize those results implying the
smallest possible positive benefits from concealed-handgun laws.
The bottom line—even using their choice of the dates that they deem
most appropriate—is that murder and robbery rates fall after the passage of
the laws and that none of the other violent-crime categories experienced an
increase. Looking further at whether violent-crime rates were rising or falling
before and after these laws, one finds that violent-crime rates were almost
always rising prior to the passage of the law and always falling after it.
8 The impact of including Florida in the sample

Our concern is particularly severe for the state of Florida. With the Mariel
boat lift of 1980 and the thriving drug trade, Florida’s crime rates are quite
volatile. Moreover, four years after the passage of the right-to-carry law in
1987, Florida passed several gun-related measures, including background
checks of handgun buyers and a waiting period for handgun purchases. To
test the sensitivity of the results to the inclusion of Florida, we reestimated
the model . . . without Florida. Only in the robbery equation can we reject
the hypothesis that the crime rate two and three years after adoptions is
diﬀerent than the crime rate two and three years prior to adoption. (Dan
Black and Daniel Nagin, “Do ‘Right-to-Carry’ Laws Deter Violent Crime?”
Carnegie-Mellon University working paper, October 16, 1996, p. 9)
In fact, Nagin and Black said they found that virtually all of the claimed
benefits of carry laws were attributable to changes in the crime rate in
just one state: Florida. (Richard Morin, “Unconventional Wisdom: New
facts and Hot Stats from the Social Sciences,” Washington Post, March 23,
1997, p. C5)

This particular suggestion—that we should throw out the data for Florida
because the drop in violent crimes is so large that it aﬀects the results—is
very ironic. Well after my work in 1996 got attention, Handgun Control,
Inc., and other gun-control groups continued to cite the 1995 University
of Maryland study, which claimed that if evidence existed of a detrimental
impact of concealed handguns, it was for Florida.26 If the Maryland study is
to be believed, the inclusion of Florida must have biased my results in the
opposite direction.27
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Figure 7.6. Florida’s murder rates

More important, as we shall see below, the reasons given by Black and
Nagin for dropping Florida from the sample are simply not valid. Furthermore, the impact of excluding Florida is diﬀerent from what they
claim. Figure 7.6 shows the murder rate in Florida from the early 1980s
until 1992. The Mariel boat lift did dramatically raise violent-crime rates
like murder, but these rates had returned to their pre-Mariel levels by
1982. For murder, the rate was extremely stable until the nondiscretionary concealed-handgun law passed there in 1987, when it began to drop
dramatically.
The claim that Florida should be removed from the data because a waiting period and a background check went into eﬀect in 1992 is even weaker.
If this were a valid reason for exclusion, why not exclude other states with
these laws as well? Why only remove Florida? Seventeen other states had
waiting periods in 1992. A more valid response would be to try to account
for the impact of these other laws—as I did in chapter 4. Indeed, accounting for these other laws slightly strengthens the evidence that concealed
handguns deter crime.
The graph for Florida in figure 7.6 produces other interesting results.
The murder rate declined in each consecutive year following the implementation of the concealed-handgun law until 1992, the first year that
these other, much-touted, gun-control laws went into eﬀect. I am not
claiming that these laws caused murder rates to rise, but this graph surely
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Figure 7.7. The effect of concealed-handgun laws on violent crimes, excluding Florida

makes it more diﬃcult to argue that laws restricting the ability of lawabiding citizens to obtain guns would reduce crime.
While Black’s and Nagin’s explanations for dropping Florida from the
data set are invalid, there is some justification for concern that results are
being driven by a few unusual observations. Figure 7.7 shows the relationship between violent-crime rates and concealed-handgun laws when Florida is excluded. A careful comparison of this graph with that of figure 4.5,
which includes Florida, reveals only a few very small diﬀerences.
As a more systematic response to this concern, I excluded Florida and
reestimated all the regressions shown in this book. Indeed, there were eight
regressions out of the more than one thousand discussed in which the exclusion of Florida did cause the coeﬃcient for the nondiscretionary variable to lose its statistical significance, although it remained negative. The
rest of the regression estimates either remained unchanged or (especially
for aggravated assault and robbery) became larger and more statistically
significant.
Black and Nagin seem to feel that their role in this debate is to see if they
can find some specification using any combination of the data that weakens the results.28 But traditional statistical tests of significance are based on
the assumption that the researcher is not deliberately choosing which re-
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sults to present. Even if a result is statistically significant at the 1 percent
level, one would expect that one out of every one hundred regressions
would not yield a statistically significant result; in other words, out of one
thousand regressions, one would expect to find at least ten for which the
impact of nondiscretionary concealed-handgun laws was not statistically
significant.
Lott’s claims that Florida’s concealed-carry law was responsible for lower
murder rates in that state is questionable. Florida did not experience reductions in murders and rapes until four or five years after the law was
liberalized. Lott attributes this “delayed eﬀect” to the cumulative influence of increases in carrying permits. Other research attributes Florida’s
declines in murders in the 1990s to laws requiring background checks and
waiting periods for handgun purchases that were implemented several
years after gun-carrying laws were liberalized. (Webster, “Flawed”)

Much of Webster’s comment echoes the issues raised previously by Black
and Nagin—indeed, I assume that he is referring to their piece when he
mentions “other research.” However, while I have tested whether other
gun-control laws might explain these declines in crime (see table 4.11),
Black and Nagin did not do so, but merely appealed to “other research” to
support their aﬃrmation. The preceding quotation seems to imply that my
argument involved some sort of “tipping” point: as the number of permits
rose, the murder rate eventually declined. As figure 7.6 illustrates, however, Florida’s decline in murder rates corresponded closely with the rise
in concealed-handgun permits: no lag appears in the decline; rather, the
decline begins as soon as the law goes into eﬀect.
9 The impact of including Maine in the sample

One should also be wary of the impact that Maine has on Lott’s graphs. . . .
When Maine was removed from the analyses, the suggested delayed
[eﬀects of the law] on robberies and aggravated assaults vanished. (Webster,
“Flawed”)

This comment is curious not only because Mr. Webster does not cite a study
to justify this claim but also because he has never asked for the data to examine these questions himself. Thus it is diﬃcult to know how he arrived
at this conclusion. A more direct response, however, is simply to show how
the graphs change when Maine is excluded from the sample. As figures 7.8
and 7.9 show, the exclusion of Maine has very little eﬀect.

